International Journal of Business and Technology

Volume 1

Issue 2 Spring 2013 Article 5

May 2013

Autonomous Agents as Tools for Modeling and Building Complex
Control Systems that Operate in Dynamic and Unpredictable
Environment

Alketa Hyso
University of Vlora

Eva Cipi
University of Vlora

Follow this and additional works at: https://knowledgecenter.ubt-uni.net/ijbte

b Part of the Computer Sciences Commons

Recommended Citation

Hyso, Alketa and Cipi, Eva (2013) "Autonomous Agents as Tools for Modeling and Building Complex
Control Systems that Operate in Dynamic and Unpredictable Environment," International Journal of
Business and Technology: Vol. 1 : Iss. 2, Article 5.

DOI: 10.33107/ijbte.2013.1.2.05

Available at: https://knowledgecenter.ubt-uni.net/ijbte/vol1/iss2/5

This Article is brought to you for free and open access by the Publication and Journals at UBT Knowledge Center. It
has been accepted for inclusion in International Journal of Business and Technology by an authorized editor of UBT
Knowledge Center. For more information, please contact knowledge.center@ubt-uni.net.


https://knowledgecenter.ubt-uni.net/ijbte
https://knowledgecenter.ubt-uni.net/ijbte/vol1
https://knowledgecenter.ubt-uni.net/ijbte/vol1/iss2
https://knowledgecenter.ubt-uni.net/ijbte/vol1/iss2/5
https://knowledgecenter.ubt-uni.net/ijbte?utm_source=knowledgecenter.ubt-uni.net%2Fijbte%2Fvol1%2Fiss2%2F5&utm_medium=PDF&utm_campaign=PDFCoverPages
http://network.bepress.com/hgg/discipline/142?utm_source=knowledgecenter.ubt-uni.net%2Fijbte%2Fvol1%2Fiss2%2F5&utm_medium=PDF&utm_campaign=PDFCoverPages
https://knowledgecenter.ubt-uni.net/ijbte/vol1/iss2/5?utm_source=knowledgecenter.ubt-uni.net%2Fijbte%2Fvol1%2Fiss2%2F5&utm_medium=PDF&utm_campaign=PDFCoverPages
mailto:knowledge.center@ubt-uni.net

Hyso and Cipi: Autonomous Agents as Tools for Modeling and Building Complex Cont

Autonomous Agents as Tools for Modeling and Building Complex Control
Systems that Operate in Dynamic and Unpredictable Environment

Alketa Hyso!, Eva Cipi?

Computer Science Department, “Ismail Qemali” University Vlore, Albania

Abstract. Complex control systems that operate in not entirely predictable environment have to deal with this
environment in an autonomous manner using adaptability, the ability to predict environmental changes, and to
maintain their integrity. Elements of the system must be able to find a new solution in a dynamic way. In this
paper, we present the modeling of a traffic lights’ control system using a multivalent system. This is a large-scale
distributed system, consisting of autonomous and rational traffic light agents, in which there is no centre imposing
an outcome. Multiagent system brings another kind of organization of the distributed control. The information is
distributed over the agents. The behavior of the other agents is incorporated into the making decision process of
the agent. We apply different control algorithms in our multiagent simulation environment and show that using
multiagent systems in dynamic and unpredictable environment the control will be adoptable.

Keywords—control system; agent; dynamic environment; modeling.

1. Introduction

Multiagent system technology is viewed as a novel and promising software building paradigm. A complex
software system can be treated as a collection of many small-size autonomous agents, each with its own local
functionality and properties, and where interaction among agents enforces total system integrity. Intelligent
autonomous agents are capable of sensing, acting, communicating and realizing task solution. Some of the benefits
of using intelligent autonomous agent in distributed control systems are efficiency, robustness, reliability,
scalability, flexibility, development and reusability, low cost. Nowadays, multi-agent system technology is being
used for a wide range of control applications including scheduling and planning [1], diagnostics [2], condition
monitoring [3], distributed control [4], hybrid control [5], congestion control [6], system restoration, market
simulation [7], network control [8], and automation. Distributed control multiagent system approaches have been
used in various domains, air traffic management where the aircraft competing for air space, systems of public
roads where motor vehicles may appear as agents, which compete in the space-time for use of the road.
Multiagent system is exploited in two ways [9]: as an approach for building flexible and extensible
hardware/software systems, and as a modeling approach. We note an interesting link between the desirable
properties of intelligent control systems for complex autonomous systems and the behavior of agent-based
systems. Many benefits are derived from the characteristics of the agents reactivity, proactiveness, and social
ability.

This article focuses on the advantages of the use of agents in building control systems and their use for modelling
the behaviour of complex control systems that operate in dynamic environments. We raise the hypothesis:

Are Agents capable to structure control problems and organize individual solutions? Is it appropriate to use multi-
agents system in modeling a distributed system, which operate in dynamic and unpredictable environment?

In the following section, we prove that agents are able to work together - they can divide problems in subproblems,
make the allocation of these subproblems, they are able to resolve individual problems, share these solutions
among them, and combine them into complete solution. We develop a multiagent controller system for traffic
lights, which is adaptive according to traffic flow. We show that multiagent systems provide a platform for
building control system and simulating control problems.

Agents should not be considered simply as a technology [10] also as a modeling approach that can be exploited
to represent some system properties that are not simply described as properties or functionalities of single system
components but sometimes emerge from collective behaviors. Adaptive solutions can emerge at runtime through
the interaction between autonomous individuals and from the task and environment requirements, which might
not be fully accessible at the beginning of the problem.
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This article focuses on the use of multiagent systems for modeling a decentralized distributed and intelligent
control system for traffic lights. This system is based on the concept of autonomous agent. It aims to emphasize
the fact that, in such systems the solution is not fully known since in the design phase, it is constantly changing.
Intelligent behaviour of the system is achieved as autonomous agents interact among them. These interactions
produce feedback, which regulates the system. Such an approach of multiagent systems in the distributed control
make them suitable to realize the control in dynamic and unpredictable environment.

2. Are agents capable to structure control problems and organize individual solutions?

Control problems cannot be solved in a single step, a good portion of them are complex problems. Complex
control problems can be defined in terms of partial control problems and their interdependencies.

A general projection method for the design of multi-controllers consists in local controllers; control algorithms
that are operational only in specific parts of the operating regime of the device [11]. During the multi controller
design, the designer must deal with aspects of integration, in order to determine when to activate or inactivate a
local controller, initialize and finalize the state variables of local controllers and combine control actions of local
controllers.

This model is based on a supervisor that integrates local controllers and handles aspects of central integration.
From the design perspective, a supervisor who coordinates all controllers in a centralized manner may be not a
good option. Although supervisory architecture solves the problems of coordinating a community of local
controllers, in general it is not an open solution. Adding, removing or changing the local controllers can not be
done without redesign the supervisor. This is due to the separation of control algorithm and characteristic of the
operating regime accompanying initialization and finalization functions of local controllers.

A complex control problem is viewed as a set of partial control problems and a set of relationships that exist
between partial control problems. Van Breemen developed a method based on the concept of decentralized
integration and multiagent system [12].

Agents theory, suggests a different organization, to include all the functions in an autonomous entity [10]. Thus
define a controller agent. A controlling agent is a controller that operates locally, autonomous enough, it includes
of a control algorithm (in the form of a modification and calculation function), a description of the operating
regime, initializing and finalizing functions, and an interface to coordinate the behaviour of it in order to handle
the dependencies between controller agents [12].

Agents qualities make them suitable as tools for analysis and design of control systems in a dynamic environment.
An agent is a software entity that perceives and acts in its environment and is autonomous in this environment. Its
behaviour depends in part on its experience [13]. As an intelligent entity, an agent operates flexibly and rationally
in a variety of environmental circumstances [15], [16]. As an entity that solves a problem it becomes usable for
solving complex problems. Any partial problem can be solved through a special agent. As an interactive entity,
an agent may be affected in its activities by other agents. Dependencies between the partial problems will be
interpreted as dependencies between agents.

A
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Figure 1 . The architecture of a controller — agent

The focus of an agent based model is on the purpose, functions, communication and coordination [14], - that
means, a model based on the agents is related with the structural aspects of a problem. Through modelling
individual solutions of the partial control problems with agents and treatment of relations between them through
coordination, comprehensive solution becomes a multiagent system.
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3. An agent-based control system for trafic light control.

A view of the traffic grid is presented in figure 1. Every traffic light will be an agent. Electromagnetic sensors
will be used to keep track of the number of motor vehicles in each artery.

Figure 2. A view of the traffic grid

The purpose of a traffic light agent is to ensure each motor vehicle a green light as soon as that need this service.
This is a rational behavior of a single agent. This behavior will result irrational in multi-agent system’s viewpoint.
The multi-agent system’s goal is to serve in time not only an artery but all the motor vehicles in all arteries. So,
in the design of a traffic control system we must take into account interactive decision between agents.

Clearly, what an agent should do depends on what the other agents do. Multi-agent decision making is the subject
of game theory. The theory tries to understand the behavior of interacting agents under conditions of uncertainty,
and is based on two premises. First, that the participating agents are rational. Second, that they reason strategically,
that is, they take into account the other agents' decisions.

The control mechanism has to increase the utility of the whole system by maximizing the cooperation and
minimizing the conflicts between traffic light agents. Stefan Lammer and Dirk Helbing [15] in “Demanddriven
service” concept, fig 3, define that “a green time starts after a critical number of vehicles has accumulated, which
can be served during the green time with maximum rate. Fluctuations in the arrival process are compensated by
variable service intervals”. This is a good rule in which we can base the interactions between the agents in the
same crossroad, that will increase the “satisfaction” of the whole system.

arriving
g rocess
; e
3 i
~\
&1 //
threshold
// : function

N~ service interval
Figure 3. Diagram of “Demand-driven service”

Semaphore agent architecture is based on behavior. Each agent must be equipped with three modules which relate
to three levels of behaviors:

Control module ensures that all decisions do not put the traffic light in the same intersection in incoherent
situations.

Decision module is the level that allows the agent to decide what to do, based only on local information. Message
module is responsible for the communication with the other agent, so that agents are able to take their actions in
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a distributed manner. Coordination can be regarded as the process by which the individual decisions of the agents
result in good joint decisions for the group.

Traffic lights agents play a role in stabilizing the traffic. Although unconscious on the state of other junctions,
traffic lights agents perform a global coordination.Traffic flow serves as a carrier of information, transforming
system of agents in a decentralized control system, Fig. 4.

traffic light
agent
» stabilization time of hghts
and
> optimization : 2
traffic flow F traffic flow

Figure 4. Multi-agent system for traffic lights control - a closed loop control system

Traffic light agent’s algorithm

Based on the specifics of an intersection and diagram of “Demand-driven service”, we assign a threshold value
(threshold_value), as well as a minimum length of service with the green light (0) to each traffic light.

During the time that the traffic light agent is red. It calculates in cyclic manner k; = (product of the number of cars
with the time that the agent traffic light

is red).

If this product (k;) is greater than threshold value. Red light agent makes request to neighboring agent for the
green light service. If the green service time of neighboring agent is greater than minimum time (0)

Agent passes green service to neighboring agentelse, the situation remains the same. State diagram for the traffic
light junction are presented in Fig.5.

Figure 5. State diagram for the traffic light junction

If there is one or a few machines, they will stop for a long time before a red light. This gives other cars time to join
them. As more cars join the group, they will wait less time in front of a red light. If there are enough cars, the red
light will turn green before coming vehicles reach the intersection, generating a green wave upon request. Group
of cars moving along. improves traffic flow, compared to the homogeneous distribution of cars, because there are
large empty areas between groups, which can be used by groups in neighboring artery with less interference. This
simple mechanism achieves self-organization [16 ].

4. Simulation results

Let’s return again to the hypothesis set at the beginning of this article. Let’s prove that multiagent systems are
suitable for distributed control in dynamic and unpredictable environments. Simulation allows us to observe the
dynamic behavior of the system and enables us to understand the global behavior at times, even to understand the
solution.
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Figure 6. The average waiting time of cars for “green wave” algorithm in traffic lights control

We simulate the traffic control process and then observe how the traffic flow changes by applying "green wave"
algorithm, Fig 6, as well as the "selforganizing" algorithm of Gersherson, Fig.7, in traffic lights control.

The graphical results of our simulation show that, the average waiting time of cars in intersections when we use
selforganizing algorithm in decentralized multiagent control system is smaller than in the case of “green wave”
control algorithm. Also, the traffic is stable.
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Figure 7. Average waiting time of vehicles for selforganizing algorithm in traffic lights control
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Results and discussion

Simulation shows that a multiagent system is an attractive concept to model specific types of distributed
unpredictable problems. Multiagent system for traffic control is adaptable according to the traffic flow. The
multiagent system face unpredictable environment autonomously using: adaptibility, the ability to predict changes
and maintain their integrity against fluctuations that occur without losing the purpose and function. So, such a
system is self-organized to achieve a solution. Agents of the system are able to find a new solution in a dynamic
way. Multiagent systems are suitable for modular, decentralized and complex applications, satisfying the demand
for autonomy and flexibility to find a solution, the ability to communicate between them, sharing and integrating
the tasks, resources and information.

Conclusions

Agents platform is suitable for distributed systems. Since agents are modular, the implementation of a multi-agent
system is simpler than the implementation of a full centralized system.

Through simulating and modeling the behavior of traffic lights control system, we show that a decentralized
multiagent system behaves as an intelligent traffic control system. This system intelligently adapts to traffic flow.
The simulating results show that agents are able to work together; they are suitable to be used in the design of
distributed systems that operate in dynamic and unpredictable environment. A multi agent system in traffic lights
control behaves as a self-organizing system; It produces the necessary information that regulates the system.

References

1. Colombo, A. W., .Schoop, R., and Neubert, R. (2006). “An agent-based intelligent control platform for
industrial holonic manufacturing systems,” IEEE Transactions on Industrial Electronics vol. 53,
no. 1, pp. 322-337.

2. Davidson,E. M., S McArthur,. D. J. J., McDonald,R. T., Cumming, and Watt,I. (2006) “Applying multi-
agent system technology in practice: automated management and analysis of SCADA and digital fault
recorder data,” IEEE Transactions on PowerSystems, vol. 21, no. 2, pp. 559-567.

3. McArthur, S. D., Strachan, J. S. M., and Jahn, G. (2004) “The design of a multi-agent transformer condition
monitoring system,” IEEETransactions on Power Systems, vol. 19, no. 4, pp. 1845— 1852.

4. Buse, D. P., and . Wu, Q. H. (2004). “Mobile agents for remote control of distributed systems,” |IEEE
Transactions on Industrial Electronics, vol. 51, no. 6, pp. 1142—-1149.

5. Fregene,K., Kennedy, D. C., and Wang, D. W. L. (2005). “Toward a systems and controloriented agent
framework,” IEEE Transactions onSystems, Man, and Cybernetics, Part B, vol. 35, no. 5, pp. 999-1012.

6. Srinivasan, D., and Choy, M. C. (2006) “Cooperative multi-agent system for coordinated traffic signal
control,” IEE Proceedings:Intelligent Transport Systems, vol. 153, pp. 41-50.

7.  Widergren, S. E., Roop, J. M., Guttromson, R. T., and Huang, Z. (2004). “Simulating the dynamic coupling
of market and physical system operations,” in Proceedings of IEEE Power Engineering Society General
Meeting, vol. 1, pp. 748-753.

8. Dimeas, A. L., and Hatziargyriou,N. D. (2005). “Operation of a multiagent system for microgrid control,”
IEEE Transactions on Power Systems, vol. 20, no. 3, pp. 1447-1455.

9. Jennings, N. R., and Wooldridge,M. J. (1998). “Application of intelligent agents,” in Agent

10. Technology: Foundations, Applications,and Markets, N. R. Jennings and M. Wooldridge, Eds., pp. 3— 28,
Springer, New York.

11. Zambonelli, F., Parunak, H.V.D.: Signs of a Revolution in Computer Science and Software

12. Engineering. In Paolo Petta, Robert Tolksdorf, Franco Zambonelli (Eds.): Engineering Societies in the

13. Agents World Ill, Third International Workshop, ESAW 2002, Madrid, Spain, September 16-17,

14. 2002, Revised Papers. Volume 2577 of Lecture Notes in Computer Science, Springer-Verlag (2003) 13-28

15. Johansen, T.A., and Murray-Smith, R. The Operating Regime Approach to Nonlinear Modelling and
Control.Taylor & Francis, 1997.

16. Van Breemen, A., (2001). Agent-Based Multi-Controller Systems.ISBN 9036515955. Publisher: Twente
University Press. pp. 52-104.

17. Hyso A., Cico B., (2011). Neural Networks as Improving Tools for Agent Behavior . International Journal
Of Computer Science Issue, IJCSI, Volumi 8, Issue 3, No 2, fage 90-95.

18. Wooldridge, M. An Introduction to Multiagent Systems, John Wiley & Sons Ltd, 2002

https://knowledgecenter.ubt-uni.net/ijbte/vol1/iss2/5 52
DOI: 10.33107/ijbte.2013.1.2.05



Hyso and Cipi: Autonomous Agents as Tools for Modeling and Building Complex Cont

19. Helbing, D., Lammer, S., And Lebacque, J.-P. (2005). Self-organized control of irregular or perturbed
network traffic.In Optimal Control and Dynamic Games, C. Deissenberg and R. F. Hartl, (Eds.). Springer,
Dordrecht,239-274.

20. Gershenson, C. Design and Control of Selforganizing Systems. Center Leo Apostel for Interdisciplinary
Studies, 2007.

53
Published by UBT Knowledge Center, 2013



	Autonomous Agents as Tools for Modeling and Building Complex Control Systems that Operate in Dynamic and Unpredictable Environment
	Recommended Citation

	IJBTE-Journal-Spring_2013 - Volume 1, Issue #2 (spring), 2013.pdf

